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The,low-capacity,optimal,training,set,'Clump-Far',is,idealizedW

Humans,perform,better,on,the,optimal,Clump-Far,set,

both,in,terms,of,lower,loss,and,lower,inconsistency.

TheLmemoryLretrievalLprocessLisLstochasticLandLnoisyv

WronglyLretrievedLexamplesLwillLleadLtoLwrongLresultsv

PreviousLworkLhasLproposedLidealizationLofLtrainingLsetsv

(utLnoLsystematicLapproachLtoLfindLgoodLtrainingLsetsv

!imsLtoLfindLaLtrainingLsetLthatLbestLteachesLaLhypothesisLtoLaLgivenLlearnerv

WorksLtoLtheLextentLtoLwhichLtheLmodelLofLtheLlearnerLcompliesLwithLtheLtrueL
learningLmechanismv

This,adds,further,evidence,to,the,low-capacity,

account,of,human,categorization.

Humans,benefit,from,lower,variability,

in,the,training,set,,i.e.,idealization.

We,propose,a,systematic,approach,to,find,an,optimal,set,for,

training,humans,on,probabilistic,categorization,tasks.

Peoplehperformhbetterhwhenhthehoptimalhteacherhuseshahmodelhofhthehlearnerhthathincorporateshcapacityhlimitationss

(asicLdecisionsBLsuchLasLidentifyingLaLmushroomLasLedibleLorLnotBLinvolveL

categorizingLnovelLexamplesv

8owLcanLweLefficientlyLteachLhumansLtoLmakeLsuchLdecisionsJ

WhichLwillLbeLtheLbestLexamplesLifLweLwantLaLsmallLtrainingLsetJ

'dealizationLofLtheLtrainingLsetLleadsLtoLcleanerLmemoryLretrievalLandLhenceL
betterLdecisionsv

WeLfoundLtheLcapacityLparameter ɣ byLfittingL–9MLtoLpreviousLdataLonL
aLsimilarLtaskLfromL[E]v

TheLhumanLperformanceLpatternLcloselyLfollowsLtheLlowCcapacityLmodelvL

:stimatedLandLactualLhumanLperformanceLonLtheL
'')LRandomLsetsLareLpositivelyLcorrelatedL
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