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Transfer learning
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Clustering (Code Jam 2010)

Compare Euclidean vs. Mahalanobis distance
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Qutline

Program Modeling
Compiler Toolchain
Authorship Attribution

Future Directions
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Component models

semi-open world provenance

component sharing (e.g. command and control)

programmer movement between groups
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Component models

semi-open world provenance
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component sharing (e.g. command and control)
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Social code networks

program binaries
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