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Course Project Proposals
- Due on Friday! —
- See Piazza for template

- Submission instructions soon
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- Open book, open notes
- Held in class time 9.30-10.45am Central Time
- Type / Upload photos (extra |5 mins)



MACHINE LEARNING: INFERENCE o
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ARCHITECHTURE
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ADAPTIVE BATCHING
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Ensemble \ ‘)/
- Combine output from models (weighted average) Jj etk
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STRAGGLER MITIGATION
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SUMMARY

Clipper: ML inference Workloads + Requirements
Layered architecture provides generality
Caching, Batching, Replication to improve latency, throughput

Multi-Arm bandits to improve accuracy



DISCUSSION

https://forms.gle/FCVhPURqz7HSbDtgé



Consider a scenario where you run a model serving service that hosts a
number of different applications. The traffic for some applications is sporadic
(e.g. only a few hours where they are used).What are some advantages /
disadvantages of using Clipper for such a service?
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