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We are naturally interested in questions like:

* How to choose [ (efficiently) ?

« How big does L have to be ?
e How does the interaction between f and G affect these

things?
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S% thereby very efficiently finds the cut-edges
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« Learn how S? achieves near minimax optimal
sample complexity for nonparametric active
classification.
 Consider the lattice graph and run 2
 For a broad class of problems (Bayes decision arXiv : 1506.08760
boundary satisfies some regularity condition),
sample complexity is

of (=)




